Research on the Design of Tourism Management Information System based on Big Data
Abstract
[bookmark: _GoBack]Future travel trends are significantly influenced by big data technologies. The current study explored the effect of tourist’s destination perceptions on tourism online content management information system in the context of big data. The present study hypothesized that big data has a moderating function in the development of tourist’s behavioral intentions. Moreover, the present study also analyzed the mediating role of tourism online content management information system in the relationship between tourist’s destination perceptions and tourist’s behavioral intentions. The information was gathered from 511 tourists in China’s Shanghai and Beijing cities. PLS-SEM results revealed a direct association between tourist’s destination perceptions and tourism online content management information system. The findings also confirmed the underlying role of big data as a moderating variable. Moreover, the results highlighted the implications of tourism online content management information system using big data technologies in the global tourism industry.
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Introduction
Before booking a trip, most tourists begin planning stage by doing internet research on the finest vacation spots and hotels (Not, 2021). For many years now, the internet has been the go-to resource for gathering details on fun activities to do in one's spare time. Tourists' access to ICT gadgets like computers, tablets, iPads, and smartphones has increased worldwide internet usage for tourism-related purposes including research, advertising, and consumption (Torres, 2022). Information on popular tourist destinations may be accessible through many online resources including social media, search engines, websites, and weblogs thanks to the meteoric rise of online shopping and booking in the hospitality sector. This has helped spread the word about the tourist and hospitality industries all across the globe. Tourists may now easily find, communicate with, compare, and decide to buy online tourism and hospitality bargains thanks to cutting-edge ICT and the internet (Liu, Wang, & Gretzel, 2022; Ravi & Vairavasundaram, 2016; Zhang, Wu, & Fan, 2019).
Because consumers' online search habits can be used to predict what they will buy from virtual markets, smart business technologies focus on collecting information about users' online browsing history to influence their purchase decisions, satisfaction, happiness, and spreading behaviors (Silaban, Chen, Nababan, Eunike, & Silalahi, 2022). Organizations promoting tourist destinations hope that establishing a strong online presence will attract curious travelers looking for information online, and that providing such travelers with up-to-date and reliable data will prompt their current customers to leave positive reviews that can be easily accessed with a few mouse clicks (Mapanga, 2022; Sun, Liu, & Zhang, 2021).
Positive feelings and plans to act, like wanting to go to a tourist spot, can come from using the internet in a good way (Jiménez-Barreto, Rubio, Campo, & Molinillo, 2020). Tourists' experiences with tourism online content management information systems, such as the quality of online information and how easy it is to access, may have a big impact on their plans to travel (Lee, Lee, Jeong, & Oh, 2020). The rise of virtual markets for online shopping, on the other hand, often makes people worry about how safe and reliable online platforms are (Majeed, Zhou, Lu, & Ramkissoon, 2020b). Threats in the online business environment, like the possibility of losing personal information and payment identity information, may make customers less likely to shop online. This could help find out what travelers like and dislike about buying tourism and hospitality services online (Yu, Moon, Chua, & Han, 2022). The literature on tourism also investigates the link between satisfaction and tourists' behavioral goals (Chen & Chen, 2010). But in the online tourism industry, the role of the tourism online content management information system as a link between how tourists feel about a destination and what they plan to do there hasn't been studied yet.
In recent years, the modern information society has moved into the age of "big data." "Big data" has grown quickly into a well-known field that academics and businesses value, and it has been used in many ways (Chen & Li, 2022; Zhao, Zhou, & Mu, 2021). In recent years, artificial intelligence technology has grown quickly. The technology in the field of artificial intelligence has a lot of things that make it unique and complicated (Samala, Katkam, Bellamkonda, & Rodriguez, 2020). Teradata uses "big data" to help people plan their trip to the 2021 London Olympics through a dedicated website. It does this by sifting through the data and sending out emails that are more specific. This helped people avoid the crowds during the games, which affected about 35% of people's travel decisions (Xie & He, 2022). With big data as the background, it is a great chance for the tourism industry to grow (Xu, 2020). But tourist marketing has several flaws: the idea is old, the techniques are old, and the methods are old. All of these things make it harder for tourism to grow in a sustainable way (Florek & Gazda, 2021; Richards, 2003; Xie & He, 2022). So, the goal of this study was to find out how it affects the link between a tourism online content management information system and tourists' plans for how they will behave.
This study tried to figure out how these things happened in China, which was one of the first places to have smart tourism. Also, the active growth of smart tourism in China is being driven by the following (Guo & Gu, 2022). China thinks that smart tourism is important for the country as a whole. At the beginning of 2011, China's National Tourism Administration (CNTA) announced that it would start a smart tourism initiative. The goal of this initiative is to make China's tourism more information-based within 10 years. Since then, China has made a lot of progress in smart tourism (Wang, Zhen, Tang, Shen, & Liu, 2021). In November 2013, the CNTA made the tourism theme "Beautiful China-2014 Year of Smart Travel" official. Smart tourism is a big part of the country's plan to grow tourism (Jia et al., 2022). So, the main goal of this study is to find out if tourists' perceptions of China's tourism online content management information system, such as the quality of online information and how easy it is to use, can affect their behavior intentions, such as plans to visit tourist spots. Our results fill in gaps in the theory of the internet and wireless business frontiers for tourism and hospitality. This research shows marketers of tourist spots how to attract tourists by making it easy for them to use the internet, which could help them get more tourists. This research is useful for online tourist marketing and destination management companies because it has important theoretical and real-world effects.
Literature Review
With the rise of virtual marketplaces, computers, the internet, web technology, and electronic marketing have become more important for buying and selling goods and services. Due to the many uses of the internet and the interaction between computers and people, virtual marketplaces have made it easier for businesses to make money with their cost-effective ideas (Wang, Yu, & Fesenmaier, 2002). Tourists from all around the globe have been drawn in by online tourism promotion (Yang, 2022). The tourism industry includes a wide range of service businesses, such as food and drink, travel, and lodging, as well as a number of niches, such as wellness tourism, medical tourism, spa tourism, etc.(Sharpley, 2021). The tourism sector is seeing a surge in service activities as a result of travelers’ aspirations for total health and well-being (Dwyer, 2022). In this fast-growing age of tourism, the internet, and ICT, it's easier than ever to visit new places. Scholars say that the Internet and ICT work together to help tourism and hospitality businesses market themselves around the world (Law, Buhalis, & Cobanoglu, 2014; Molina-Collado et al., 2022).
Tourist destination internet content is a broad term that refers to all the information about tourism that is available online. Scholars have noticed that travelers are happy with how easy it is to find information about possible tourist destinations online (Majeed, Kim, & Ryu, 2022). Tourists' pre-purchase travel choices are affected by how good online tourism information is and how easy it is for them to find on different online platforms (Ashfaq, Khan, Zulfiqar, & Ullah, 2021; Majeed et al., 2022). As a result, the concept of tourism online content management information system can be expressed in terms of online information quality and user-friendly accessibility of tourism information in the online environment.
Perceptual filters impact tourists' behavioral reactions to a location (Mohammad, Hanafiah, & Zahari, 2022). The cognitive examination of tourists' knowledge and belief systems and the emotional evaluation of their sentiments, brand purchases, and real travelling behaviors constitute the backbone of the tourism online content management information system (Chang, 2017; Goossens, 2000; Liu, Hultman, Eisingerich, & Wei, 2020). Drawing on tourism online content management information system, tourists' perceptions are focused on in this study as the ideal lens through which to analyze tourists' behavioral responses to online tourism material.
Tourism Destination Perception
One of the factors that attracts foreign tourists is the quality of a tourist destination. It is heavily reliant on cultural attractions, amenities, infrastructure, transportation, and services. It assesses whether or whether an object is worth seeing. To reach destinations, tourists demand infrastructure and transportation. Furthermore, the provision of facilities is critical to meeting the demands of tourists while they are away from home (Gurran & Phibbs, 2017; Leiper, 1979).  Products are distributed in numerous tourist attractions in Beijing and Shanghai that are frequented by foreign travelers (Li, 2020; Wu, Wall, & Pearce, 2014). 
Perception of tourism as an object is a semiotic process in which a sign (object) is seen as something that stands for something to someone in some way (Hariyanto, 2022). "Something" in this case could be a real thing or a tourist attraction shown on a poster, brochure, or direct mail piece. It is then picked up by the senses through the process of perception (interpretation), and in human cognition, it stands for something else (has a specific meaning). According to Boager and Castro (2021) objects exhibit a reality that is defined by the terms marker and sign. A ‘signifier' is anything concrete in the form of representation (image, placard, etc.). 'Signified' refers to anything that signifies something else, whether tangible or conceptual. Finally, in human existence, a reality is seen as a sign or representation that symbolizes something else (a definite meaning) that existing in one's social cognition (Boager & Castro, 2021). An object's perception Hasyim (2019) is a method of choosing, arranging, and interpreting information to produce a meaningful picture. It is the process of comprehending an item via the semiotic process. Finally, perception is the projection of the human picture onto an object. Before embarking on a journey, travelers research tourist attraction centers in that nation. This information is often gathered through searching the internet, reading brochures and flyers, contacting travel businesses, and speaking with relatives, friends, or anyone who have visited the location (Makian, 2022). As a result, this study has considered destination perception to be an important variable in this study, as it is the cause for which information scientists and managers identify potential gaps to work on and benefit the tourism industry. 
Tourist Online Content Management System and Tourist Behavioral Intention
Tourists' compatibility with the tourism web content management information system, which is governed by attitudes, may influence their positive intents to visit tourist locations (Alyahya & McLean, 2022; Gallego, Font, & González-Rodríguez, 2022; Kundan, Hossain, & Khalifa, 2022). Seeing a tourism online content management information system as reliable, accurate, and easy to access may make people feel safer and make them more likely to want to visit tourist destinations (Lai, Yeung, & Leung, 2022; Majeed & Ramkissoon, 2022). Scholars agree that positive views of tourism online content management information system can draw tourists and make them more likely to visit tourist spots (Lee, 2022).
Scholars have discovered that online marketing helps promote e-tourism firms on various online platforms and aims to attract visitors to online tourism deals with trustworthy tourism information in order to build tourists' confidence so that they may plan trips to tourist places (Tavitiyaman, Qu, Tsang, & Lam, 2021). Tourism is promoted on many different platforms, like social media, websites, e-blogs, and search engines. This means that a tourism online content management information system is only good and useful if it is easy for tourists to find when they are looking for tourism information online for the first time (Tran & Tran, 2022). Online information is user-friendly if the images (if there are any) are of good quality, the font size is right, the text links and navigation make sense, the information is complete and easy to understand, there is a payment guarantee, security and privacy policies, and the service provider's contact information is real (Hasan & Abuelrub, 2008; Majeed et al., 2020b). A tourism online content management information system that is easy for users to access can lead to positive perceptions, high levels of trust and satisfaction, and tourist loyalty to a host tourist site, which can lead to positive recommendations (Cohen, Prayag, & Moital, 2014; Khor, Abdul Wahab, & Lim, 2021). Good views, high levels of trust and satisfaction, and tourist loyalty to a host tourist site may arise from the use of a tourism online content management information system, leading to positive recommendations (Zhou, 2021). So, the ease of accessibility, usability, and appropriateness of tourism online content management information system may be linked to tourists' positive plans to visit tourist destinations.
Big Data
Big data consists of data reporting from several areas (Naeem et al., 2022). Big data is getting bigger because WeChat and travel experts' microblogs are putting out more tourist guides, itineraries, and hotel information (Xie & He, 2022; Yan & Li, 2022). There are many different kinds of big data, like text, pictures, videos, and so on. But not all information is very useful (Phan, Phan, Cao, & Trieu, 2022). Big Data technologies are starting to be used in the hotel business, mostly for sales, social media, and how customers act online. They are also beginning to use them to get data from offline sources and analyze it (Nawaz, Kaldeen, & Hassan, 2022). 
But the growing interest in Big Data as a way to deal with external and unstructured client data has brought attention to the fact that big hotel chains can also use their customer relationship management systems to access a huge amount of internal data that has already been organized (Talón-Ballestero, González-Serrano, Soguero-Ruiz, Muñoz-Romero, & Rojo-Álvarez, 2018). Other research have focused on Big Data techniques with sophisticated analytics and their use in influencing tourist behavioral intentions based on internal data supplied by hotel customers (Arici, Cakmakoglu Arıcı, & Altinay, 2022; Miah, Vu, Gammack, & McGrath, 2017; Stylos & Zwiegelaar, 2019; Ying, Chan, & Qi, 2020), the current research intends to investigate the moderating influence of big data on the interaction between tourists' online content management information system and their behavioral intentions.
H1: Tourist destination perception has a significant impact on tourist destination online content quality. 
H2: Tourist destination perception has a significant impact on user-friendly accessibility. 
H3: Tourist destination online content quality has a significant impact on tourist behavioral intentions. 
H4: User-friendly accessibility has a significant impact on tourist behavioral intentions. 
H5: Tourist destination online content quality has a significant mediating impact in the relationship of tourist destination perception and tourist behavioral intentions. 
H6: User-friendly accessibility has a significant mediating impact in the relationship of tourist destination perception and tourist behavioral intentions. 
H7: Big data significantly moderates the relationship of tourist destination online content quality and tourist behavioral intentions. 
H8: Big data significantly moderates the relationship of User-friendly accessibility and tourist behavioral intentions.
[image: ]
Figure 1: Theoretical Model
Methodology
Sampling and Procedure
Researchers examined the Chinese tourist business from several perspectives in this study. A non-probability judgement sampling strategy was used to select the samples for this study. A closed-ended questionnaire was utilized to collect first-hand information for this inquiry. For this quantitative study, the survey research method was employed to collect information from tourists in the Chinese cities of Beijing and Shanghai. Non-probability sampling was utilized since tourist data was difficult to get. When there is no sample frame, non-probability sampling can be utilized (Zikmund, Babin, Carr, & Griffin, 2013). We told the people who took part in the study what it was about and why it was important before we started collecting data.
There was no compensation for the responders, and their participation was purely voluntary. Initial distribution of 700 paper-and-pencil questionnaires to college and university students had a response rate of 77.42%, or 542 completed surveys. In addition, we had to exclude 31 replies since they were incomplete. As a consequence, the total number of questionnaires returned was 511. 309 male respondents (60.46%) and 202 female respondents (39.53%) provided valid replies. 272 (53.22%) of them were foreigners, while 239 (46.77%) were Chinese citizens. 
Additionally, the data for CBM were analyzed using Harman's single factor with a single factor for common method bias. This method combines all of the components into a factor analysis, and if the first factor explains more than half of the overall variation, the data has a CBM issue. According to the findings of the factor analysis, the first component only accounts for 28.37% (less than 50%) of the total variance (Podsakoff, MacKenzie, Lee, & Podsakoff, 2003). Therefore, common method bias is not a concern with the data.




Table 1: Loadings, composite reliability, and average variance extracted
	Variable
	Item
	Loading
	Cronbach's alpha
	Composite reliability
	Average variance extracted

	Tourism Online Content 
Management  Information
System
	Online Information Quality
	OIQ1
	0.782
	0.760
	0.833
	0.502

	
	
	OIQ2
	0.653
	
	
	

	
	
	OIQ3
	0.644
	
	
	

	
	
	OIQ4
	0.678
	
	
	

	
	
	OIQ5
	0.772
	
	
	

	
	User Friendly Accessibility
	UFA1
	0.801
	0.863
	0.901
	0.646

	
	
	UFA2
	0.811
	
	
	

	
	
	UFA3
	0.802
	
	
	

	
	
	UFA4
	0.765
	
	
	

	
	
	UFA5
	0.839
	
	
	

	Tourist Destination Perception
	TDP1
	0.742
	0.925
	0.930
	0.508

	
	
	TDP10
	0.720
	
	
	

	
	
	TDP11
	0.705
	
	
	

	
	
	TDP12
	0.595
	
	
	

	
	
	TDP13
	0.651
	
	
	

	
	
	TDP15
	0.579
	
	
	

	
	
	TDP2
	0.740
	
	
	

	
	
	TDP3
	0.746
	
	
	

	
	
	TDP4
	0.769
	
	
	

	
	
	TDP5
	0.776
	
	
	

	
	
	TDP6
	0.737
	
	
	

	
	
	TDP8
	0.742
	
	
	

	
	
	TDP9
	0.734
	
	
	

	Tourist Behavioral Intentions
	TBI1
	0.738
	0.842
	0.888
	0.614

	
	
	TBI2
	0.795
	
	
	

	
	
	TBI3
	0.836
	
	
	

	
	
	TBI4
	0.809
	
	
	

	
	
	TBI5
	0.733
	
	
	

	Big Data
	BD1
	0.819
	0.867
	0.901
	0.602

	
	
	BD2
	0.828
	
	
	

	
	
	BD3
	0.795
	
	
	

	
	
	BD4
	0.779
	
	
	

	
	
	BD5
	0.714
	
	
	

	
	
	BD6
	0.714
	
	
	



 Measures
Measurement scales are available for a number of topics, such as big data, the perception of tourist destinations, tourist behaviour, and the online content management information system for the tourism industry (subdimensions: online information quality and user-friendly accessibility). With the exception of the control variables, participants' replies were also graded on a five-point Likert scale ranging from (strongly agree 1, to 5 strongly disagree). This research employed a ten-item scale to assess the effectiveness of the tourist online content management information system (Majeed, Zhou, Lu, & Ramkissoon, 2020a). Whereas for tourist destination perception a fifteen item scale has been used, which is adopted from the study of Muhammad, Akhmar, and Kuswarini (2019). A five items scale of Majeed et al. (2020a) was used to collect the data on tourist behavioral intentions. A six items scale of Omitogun and Al-Adeem (2019) was used to collect the data on big data.
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Figure 2: Structural Model
Statistical Procedure
Partially least squares structural equation modelling (PLS-SEM), a causal-predictive method of SEM that emphasizes forecasting statistical models of structures, is the method used in this research (Ringle et al., 2015). The spread, form, and bias of the population sampling distribution were determined using the Bootstrapping technique with 5000 iterations (Hair, Risher, Sarstedt, & Ringle, 2019). For estimating our model, PLS is superior to the conventional covariance-based SEM (CBSEM) because it can overcome issues with multivariate normality, measurement level, sample size, model complexity, and factor ambiguity. The study's objective is to develop and evaluate a theoretical model (Hair, Ringle, & Sarstedt, 2011; Hair, Sarstedt, Ringle, & Mena, 2012).
Statistical Analysis and Results
The criteria of convergent validity established by are also taken into consideration in this work, which use confirmatory factor analysis (CFA) to assess (Hair, Hult, Ringle, Sarstedt, & Thiele, 2017). Cronbach's alpha varies from 0.760 to 0.925, as seen in Table 1. Additionally, all of the variables in this study demonstrated good fitness, indicating that the variables in this measurement mode have good convergent validity. The composite reliability (CR) and average variance extracted (AVE) values of the variables in this study range from 0.833 to 0.930 and 0.502 to 0.646, respectively. When the square root of the average variance extracted (AVE) is larger than the absolute values of other coefficients linked to the correlation coefficients of this dimension, discriminant validity may be established. The findings demonstrate that no other coefficient in the same column of the correlation coefficient table has a square root bigger than the average variance retrieved, which is more than any other coefficient's absolute value. This demonstrates the discriminant validity of the research. The HTMT technique was used to determine the correlation, and the findings are shown in Table 3.
Table 2: Model Fit Predictive Relevance of Model
	
	Q²predict
	RMSE
	MAE
	R-square

	Online Information Quality
	0.042
	0.987
	0.751
	0.048

	Tourists’ Behavioral Intentions
	0.135
	0.937
	0.727
	0.437

	User-friendly Accessibility
	0.478
	0.725
	0.523
	0.483



Table 3: HTMT Discriminant Validity
	
	Big Data
	Online Information Quality
	Tourist Destination Perception
	Tourists’ Behavioral Intentions
	User-friendly Accessibility

	Big Data
	
	
	
	
	

	Online Information Quality
	0.260
	
	
	
	

	Tourist Destination Perception
	0.213
	0.236
	
	
	

	Tourists’ Behavioral Intentions
	0.399
	0.674
	0.184
	
	

	User-friendly Accessibility
	0.290
	0.374
	0.635
	0.261
	



Inner Model Analysis
The structural model was built using partial least squares structural equation modelling (PLS-SEM). Specifically, SmartPLS 4.0 was used to check the structural model (path analysis). Hair et al. (2017) say that this study looked at R2, beta (β), and t-value. Their ideas also focused on how well they predicted (Q2) and how big the effects were (f2). In the structural model, the R2 values for online information quality (R2 = 0.048), user-friendly accessibility (R2 = 0.483), and for tourists’ behavioral intentions (R2 = 0.437) were all higher than the recommended thresholds. Before testing hypotheses, the variance inflation factor (VIF) was given a value. The values of the VIF were less than 5, and they ranged from 1.000 to 2.883. So, there were no problems with the predictor latent variables being too similar (Hair et al., 2017). Fit indexes of RMSEA = 0.071 for the structural model also met the recommended threshold. Also the study has found that rather user-friendly accessibility, all other variables had a significant direct effect in structural model. Only the user-friendly accessibility was found not-supportive in the relationship.
Examination of Mediating Effects
Online information quality and user-friendly accessibility can be viewed as mediating variables in the structural model. The mediating function of the online content management system for tourism was evaluated using both of these variables. The structural model is subjected to a bootstrapping approach to see whether the accessibility and quality of online information have a mediating role. Intriguingly, Table 4 demonstrates that the indirect effect of online information quality was validated, but that the mediation role of user-friendly accessibility was shown to be minor. It demonstrates how the setting of the online information quality variable functions as a mediator on behalf of the tourism online content management information system in structural model. 
Moderating Effect
The bootstrapping method has been used to determine how much of a moderating influence large data has in structural models. Table 4 demonstrates that the findings are consistent with the hypothesis that big data plays a significant role in the interaction between the tourism online content management system and tourist behavioral intentions. It demonstrates how important the moderator effect setting in the structural model was in creating a meaningful connection between user-friendly accessibility and tourists' behavioral intentions. 
Conclusion and Discussion
This study set out to find out what influences foreign tourists' opinions of and intentions toward the Chinese cities of Beijing and Shanghai. This investigation has revealed some fascinating information regarding the tourism sector. The findings of this study show that in China's tourism business, there is a significant association between tourist destination perception and tourism web content management information system. As a result of how tourists perceive a location, the sector manages business information systems to assist tourists. However, it clarifies the idea that these are the tourists' perceptions and establishes guidelines for industry think tanks to create and maintain the information system. Moving forward demonstrates that the online content management system for the tourism industry also plays a significant impact in the behavioral intents of the tourist. Additionally, this is crucial for future tourist trips. In order to assess the significance of each component in relation to the behavioral intents of tourists, this study divided the tourism web content management information system into two separate sections. Interesting findings indicate that, while user-friendly accessibility has little effect on this relationship, the quality of online material has a considerable favorable influence on tourists' behavioral intentions. The association between tourist destination impressions and their behavioral intentions hasn't been significantly mediated by user-friendliness accessibility, but rather by the quality of the online material that influences the establishment of positive behavioral intentions. 
Table 4: Data Coefficient 
	
	Original sample
	Standard deviation
	T statistics
	P values

	TDP  OIQ
	0.220
	0.049
	4.459
	0.000

	TDP  UFA
	0.695
	0.016
	42.570
	0.000

	OIQ  TBI
	0.548
	0.049
	11.145
	0.000

	UFA  TBI
	0.012
	0.035
	0.339
	0.734

	BD*OIQ  TBI
	0.122
	0.051
	2.394
	0.017

	BD*UFA  TBI
	-0.185
	0.049
	3.793
	0.000

	TDP  OIQ  TBI
	0.120
	0.031
	3.895
	0.000

	TDP  UFA  TBI
	0.008
	0.025
	0.338
	0.736



This study has examined the moderating role of big data on the interaction of tourism online content management information system, and tourist's behavioral intentions since the mediating and direct roles of user-friendly accessibility were insignificant. As the importance of managing online content for the tourism industry increases daily, big data is essential to the management of information systems. Interestingly, big data has been discovered to play a substantial moderating influence in this relationship. Big data has acted as a moderator in the relationship between the efficiency of online information and the behavioral intentions of tourists, as well as in the relationship between user-friendly accessibility and those goals. This underlines the use of big data in the administration of information systems in the travel and tourism sector.
Theoretical and Practical Implications
The purpose of this study was to better understand how the online content management system for the tourism industry functions as a unique outcome and predictor of travelers’ destination preferences and behavioral intentions, respectively. The study has many implications as a result. To start, we suggest that the most crucial component of a management information system in the context of tourism is the tourist's preferences for their destination. As this study took into account this variable in two different ways, it made a second significant contribution by investigating the mediating role of tourist online content management systems. Both of these sections highlight some of the research's most crucial ramifications for comprehending tourists' choices and behavioral intents in China. Thirdly, we contend that user-friendly accessibility is not as crucial to a tourism online content management information system as information quality. Big data must be employed as a moderator, however, where the component plays a significant influence. Because of the significant influence big data has on management information systems. It becomes challenging to benefit from user-friendly accessibility in the context of tourism without a focus on industrial big data.
The management of the tourism sector, business owners, hotels and motels, industry think tanks, and participants in the creation and implementation of campaigns aimed at influencing tourists' preferences and behavioral intentions through the use of big data and management information systems will all benefit significantly from this research. The main outcome of this research is to enhance tourist preferences for destinations in order to create and operate a better information system by emphasizing the significance of big data in these processes. It appears that online information quality has a significant impact to be taken into account when trying to change tourists' behavioral intentions. Finally, our findings imply that the tourism sector, in particular, should address how the management of information systems is aided by understanding and using the role of big data in the tourist's views and preferences.


Limitations and Recommendations
In this study, the study's novel predictor of tourism online content management information system—tourists' destination preferences—was examined. On the other side, China's tourism has unique qualities. In light of this, it is advised that this strategy be used in other emerging and developed nations while taking into account each of their unique context-based tourist preferences aspects. Furthermore, this study only included data from the Chinese cities of Beijing and Shanghai; other cities in China were not included. Future research might address this. The study investigated how the online content management system for tourism could affect the tourist's behavioral intentions. The same sample can be used to analyze how online content management systems for tourism affect and are influenced by tourists' behavioral intentions. The structural equation modelling (SEM) method, which was used in this work, has a number of drawbacks. Future study may therefore evaluate the model's predictions regarding the relationships between causes and effects using causal research designs.
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